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As Al assumes more of the material production in knowledge work, human effort shifts toward planning, orchestration, and evaluation,
all of which revolves around goals. Yet goals remain poorly represented in knowledge work tools and workflows: implicit, unexpressed,
or confused with outputs. Beyond their importance for human work, clear goals are fundamental to human-Al communication and
collaboration. We review research establishing the value of explicit goals, show through a review of commercial tools that existing
ecosystems support goal tracking but not goal articulation, alignment, or contextual use, and use meetings as a proving ground
demonstrating that upstream goal articulation produces disproportionate downstream value for both humans and Al agents. We
argue that goals should be encoded as first-class abstractions that drive human-AI collaborative workflows and that generative AI's
natural-language capabilities make this a uniquely opportune moment. We outline six design requirements for goal-oriented human-AI

collaborative systems.
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1 Introduction

As Al takes over the material production of knowledge work, humans’ roles are shifting toward planning, orchestration,
and evaluation: deciding what work to do, who should do it, and whether it’s on track [29, 33, 40, 46]. Human workers
are becoming managers of hybrid human-AI teams organised around goals. We define goals broadly as desired outcomes
at any altitude, from task-level to strategic, hierarchically related, and often dynamically evolving [14]. Goals are
the organising backbone of knowledge work, allowing teams to prioritise, coordinate, persist, and track progress
[1, 14, 16, 24, 25, 53]. They are equally important for human-AI collaboration [4, 20]. As Peter Drucker emphasised,
“working on the right things is what makes knowledge work effective” [14].! Despite this, even human teams struggle with
a core challenge: articulating and coordinating around goals [6, 38, 42]. The complexity introduced by AI's accelerating

productive capacity and multi-agent workflows threatens to exacerbate this [7]. Thinking clearly about goals will not

! Although, as emphasised by Drucker [14], goal articulation and clarity is essential to knowledge work given the relatively abstract nature of its materials
and output, the organising function of goals and the design requirements that we outline here are also relevant for broader forms of work.
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be automated away [4, 20]. Rather, to enable effective human-AI collaboration, we need to rapidly augment people’s
ability to articulate and coordinate around goals.

Despite the centrality of goals in collaborative knowledge work [24], they remain poorly represented in its artefacts,
workflows, and communication [6, 38]. Even popular frameworks like Objectives and Key Results (OKRs) [12] face
persistent implementation challenges [6, 19, 42]. Goals often exist entirely in people’s minds, either unformed or
unexpressed, often leading to a confusion of outputs for outcomes [12, 38, 53]. Meetings, decks, and shipped features are
treated as ends rather than means. If goals are as effective as decades of research and practice suggest, then we must do
better. OKR planning sessions and task management tools shouldn’t be the only places where people and Al agents
come into close contact with their goals.

All the above will become more important and more complex in a world where human-AI teams collaborate on
knowledge workflows [45, 48]. At a basic level, clearly expressed goals—e.g., via prompts to Generative Al systems—are
core to the formation of common ground between humans and Al systems, ensuring that parties are aligned on tasks
and responsibilities [4, 10, 20]. Yet, as research on Generative Al has found, effective articulation of goals via prompting
is challenging for users, with systems insufficiently supporting this process [46]. Moreover, if Al shifts human labour
to more managerial roles, as has been anticipated [14] and observed in prior decades of technological transformation
[17, 39], many more workers will need to be effective at goal articulation, prioritisation, coordination, and tracking
[21, 33, 46]. Delegation and coordination among human-Al teams will also need to account for the scale differences
in operation and communication between human and Al agents [4, 40, 48, 52], as well as changes in workflows: for
example, workers with access to Al have started to cross disciplinary boundaries [43] and blur the line between planning,

ideation, and production processes [21]. Given these challenges, we argue that human-AI collaborative systems should:

(1) Support the articulation of goals (i.e., desired outcomes)
(2) Encode goals as explicit abstractions
(3) Use these abstractions to drive goal-oriented experiences to shape people’s (and Al agents’) thinking, communi-

cation, and workflows towards better outcomes, rather than more outputs.

2 The Value of Explicit Goals

Decades of research on goal-setting theory [24, 26] and industry practice around OKRs [12, 53] establish four functions

that explicit goals serve, each amplified by AT’s arrival in the workflow:

(1) Goals direct attention: At the individual level, goal articulation serves a metacognitive function, increasing
self-awareness (e.g., of trade-offs) and enabling task decomposition and planning [27, 37, 46]. In collaborative
settings, goal articulation surfaces critical disagreements and divergent assumptions that might otherwise remain
implicit within teams [14, 53]. The need for focus and prioritisation only increases in an Al-first world. As Al
cheapens the production of knowledge work, the cost to human attention increases [30, 35], and the bottleneck
therefore shifts to being able to prioritise the right kind of work [33, 34].

(2) Goals enable flexible coordination: shared goals let collaborators, human or Al interpret and infer others’
behaviour without tracking every action, reducing communication overhead [24, 41, 48]. As agents proliferate,
such coordination becomes essential to maintain alignment [4, 20]. This flexibility increases the robustness
of human-agent workflows to the situatedness of collaborative work [44]: action is contextual and plans may
change, yet work remains goal-oriented. Human-AI teaming also implies that expressed goals will need to be
interpretable and actionable by both humans and agents.
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(3) Goals also drive persistence by providing clear endpoints and enabling self-regulation against an external
standard [26, 31]. For Al they serve as objective functions that shape optimisation and resource allocation. A
recent example is Claude Code’s Ralph Wiggum plugin, which enables a continuous self-referential feedback
loop that drives persistent iteration until all requirements are met [2].

(4) Finally, goals enable evaluation [18, 53]: they provide benchmarks for success and iterative improvement. In
human-AI collaboration, this evaluative function is bidirectional: goals let humans assess Al outputs against

intended outcomes [4, 5] and let Al provide goal-referenced feedback to human collaborators [8].

Given these functions, the challenge is making goals available not just in quarterly planning, but continuously, at the

point of work, for both humans and agents.

3 Current Goal Tools Provide Tracking Without Thinking

A review of current goal tools (task managers, project platforms, and dedicated goal-setting products) reveals that
a handful (Asana?, ClickUp?, Atlassian Goals?) offer explicit goal objects, hierarchical alignment, and status rollups.
But these are foundations for tracking goals, not for thinking with them. The gaps are revealing. No tool supports
goal articulation: the reflective process of working out what you are actually trying to achieve. Where Al assistance
exists, it is syntactic (“rewrite this goal more clearly”) rather than substantive. Goal features are confined to individual
products. No productivity suite threads goal awareness across its own applications, let alone the broader tool ecosystem,
leaving goals stranded in silos. Collaborative goal-setting is essentially unsupported: no tool surfaces misalignment
or implicit goals, and none supports structured negotiation toward shared goals. Goals are invisible at the point of
work: no system provides situated goal cues during workflows, and no tool supports goal-guided agent orchestration.
Tracking itself is shallow: no tool captures the why behind a goal, completed goals vanish, and there is no predictive
capability. Existing tools assume goals are set once and occasionally reviewed. They are not built for a world where

goals are living abstractions that shape how people and agents coordinate.

4 Example: Meetings Goals and Downstream Value

Meetings offer a compelling test case: ubiquitous, consequential, and chronically under-served by goal support. Mi-
crosoft’s 2023 Work Trend Index identified inefficient meetings and a lack of clear goals as the top two obstacles
to workplace productivity [28]. Research confirms that unclear goals are a critical factor in meeting ineffectiveness
[3, 15, 32, 37, 38, 47].° The damage cascades across the entire meeting lifecycle [8, 15, 37, 38, 50]: preparation suffers,
moderation lacks focus, discussions drift, and post-meeting effort increases. Research on Al-assisted prospective re-
flection offers a counterpoint. Prompting people at meeting creation to articulate purpose, success conditions, and
challenges makes implicit goals explicit, clarifies priorities, and surfaces unknowns [37]. The effects persist: people
share better agendas, request preparation from others, arrive with clearer intent, and conduct more focused meetings
[37]. A small upstream investment in goal articulation produces disproportionate downstream value for everyone
involved and every system that touches the meeting [47]. Once encoded, meeting goals ground downstream agents:
a recap agent can assess what was achieved rather than merely what was said, a scheduling agent can reason about

whether the right people are invited, and a task agent can link action items to the outcomes they serve [47, 50].

Zhttps://asana.com/product/goals

Shttps://clickup.com/features/goals
“4https://www.atlassian.com/software/jira/goals

5Goals are distinct from agendas, which describe what you will do, not why.
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Meetings illustrate a general pattern. Explicit goals reduce the ambiguity that agents otherwise navigate through
guesswork, improving the relevance and evaluability of their contributions. Yet almost no system deliberately collects

goal information at the point where it can have the most value. This is both the opportunity and the design challenge.

5 Design Requirements for Goal-Oriented Systems

The idea that knowledge work benefits from explicit goal structures is not new. Group Support Systems [11], workflow
management platforms, and successive waves of “rational” coordination tools have all tried to systematise the intentions
behind collaborative work [36, 51]. Most foundered on the same problem: real goals are fuzzy, fluid, and context-
dependent, while the systems designed to capture them demanded premature precision [4]. Indeed, the GOMS model in
HCI assumes that users already have clear goals [22]. As Schmidt and Bannon argued, organisational models in CSCW
systems should not be rigid specifications but “resources for competent and responsible workers” that users interpret,
adapt, and override as needed [36]. Systems that imposed brittle goal structures on the “inexhaustible multiplicity of
reality” were inevitably circumvented or abandoned.

Generative Al changes this equation. Large language models can work with goals expressed in natural language, at
whatever level of specificity the user can manage, without requiring formal decomposition up front [49]. They can
interpret ambiguous intent [23], ask clarifying questions [37], infer implicit goals from context [13], and track how
goals evolve through conversation and action [8, 9]. For the first time, it is feasible to build goal support that respects
the fuzziness Schmidt and Bannon [36] identified as inescapable while still providing the representational backbone
for coordination, evaluation, and agent orchestration. Goals can now be accommodated computationally. The open
question is how to treat goal representations as living resources, open to interpretation and revision, not fixed contracts.

With this in mind, we identify six capabilities that a goal-oriented system should support:

(1) Goal articulation. Systems should help users and Al agents distinguish outcomes from outputs, decompose
objectives into sub-goals, and reason across goal altitudes. This means balancing the precision needed to specify
work with the ambiguity needed for reflection [4]. Al should play a substantive collaborative role: interrogating
whether a goal is coherent, feasible, and aligned with what a team is actually doing, not just polishing phrasing
[20].

(2) Goals as first-class representations. Goals should be structured, persistent objects that link to people, agents,
artefacts, and workflows. They should accommodate fuzziness, evolution, and cross-level relationships. Making
goals representationally first-class is what allows them to travel across tools and contexts.

(3) Alignment and misalignment surfacing. Systems should show users how their goals connect to others” and
to higher organisational levels. They should detect implicit or emerging goals, surface misalignment proactively,
and support structured negotiation to resolve conflicts.

(4) Goal provenance and history. Systems should track how goals evolve: who changed them, when, and why. This
supports accountability and organisational learning, and gives Al agents richer context for assessing whether
current work still serves its original purpose.

(5) Outcome simulation. Users should be able to anticipate how decisions cascade across goal dependencies:
lightweight “what-if” projections that move goal management from retrospective tracking to prospective
reasoning.

(6) Situated goal support in workflows. Goal support should be woven into workflows, not confined to dashboards:
appearing as situated cues in the document being drafted, the meeting being run, or the code being reviewed.
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This extends to agent orchestration. Al agents should receive delegated goals and report progress against them,

not merely against tasks completed.

6 Conclusion

The ceiling on human-AI collaboration is not the capability of the Al it is the clarity of the goals we give it. Raising
that ceiling requires collaborative systems that help people articulate goals, encode them as shared representations, and
thread them through workflows where humans and agents coordinate. The research agenda has three priorities. First,
designing goal articulation interfaces that support reflective, iterative thinking beyond form-filling, and ensure mutual
intelligibility for humans and AI. Second, building interoperability layers that let goal representations travel across
tools and contexts. Third, developing goal-oriented experiences (and evaluation frameworks) that drive collaboration

towards outcomes over outputs.
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