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This paper proposes and discusses the concept of delegation user interfaces. Designing delegation interaction represents a paradigm with 

the focus on task delegation in the context of human-AI interaction. Delegation interaction is an approach to employ agentic AI combined 

with pulling the human in the loop and to allow for effective human oversight. Delegation includes six core components. Relevant are: 

(1) definition and description of the task, (2) embedding into the context of the task, (3) testing to drive task refinement, (4) pulling the 

human in the loop for oversight and autonomy, (5) continuous quality evaluation, and (6) self-adaptation of AI.  

CCS CONCEPTS Human-centered computing, Human computer interaction (HCI), Interaction paradigms 

KEYWORDS Human-centered AI, delegation, human-in-the-loop, socio-technical design 

1 INTRODUCTION AND BACKGROUND 

Collaboration with AI tools is currently changing practices in many domains, including writing, programming, and design. 

Image generation based on a prompt, vibe coding an app, and creating articles from bullet points are implicitly delegating 

tasks to an AI. What we want in these contexts from the AI system is generally greatly underspecified. This is like delega-

tion between people and every team leader has experienced that delegating is far from trivial. Working with agentic AI, 

delegation of tasks becomes the central strategy. 

We understand agentic AI as an approach that takes high‑level goals as input and the AI systems autonomously decom-

pose them into subtasks, plan multi‑step courses of action, and iteratively act in digital or physical environments. This 

requires orchestrating tools, services, or specialized agents. In contrast to traditional, single‑step AI tools, agentic systems 

have persistent internal state and memory across interactions [1], [2], [3], [4], [5].  

They also support dynamic adaptation of plans and can coordinate several agents. Consequently, part of the decision‑mak-

ing and coordination is shifted from humans to the AI system. However, we typically assume that the user is responsible 

and the AI systems are still operating within explicit governance and oversight frameworks. 

To enable this, systems must have the option to get the human back into the loop and into the decision making. The 

pulling in of humans and human oversight takes place on a meta-level. It is reasonable to align Agentic AI with human 

centered AI (HCAI) [6] and AI-Governance as frameworks that help to mitigate risks, unfair bias or misuse [7] and in this 

way supports trust calibration [8], i.e. avoiding over- and under-trust by understanding the potential and limits of AI. 

Without understanding the limits of AI, people's motivation to contribute to AI governance will fade. A key element here 

is to keep the human in the loop within the socio-technical workflows in which AI-supported decision making takes place. 

Humans need to be encouraged and empowered to exercise control and oversight [9]. A prerequisite are interaction modes 

that allow users to intervene into AI driven procedures [10], veto on AI decisions [11], refine results [12], etc. However, 

these kinds of interaction modes need to be complemented by modes that are appropriate for agentic AI. Thus, we propose 

the concept of delegation interaction where AI can actively decide when and how it executes tasks, but humans are still in 

the mode of being a responsible supervisor as is the case with managers who delegate tasks to employees.   



 

Delegation interaction represents a a paradigm shift that decouples task definition and goal description on the one hand 

from task execution on the other hand, both in terms of time and granularity of interaction. Such delegation potentially 

eases collaborative work and reduces the effort for the user. It also enables phases of interaction-free usage [13] where the 

system works towards the task, while the users are not active. Similar to how management principles like "management 

by delegation" and "management by objectives" [14] replaced the step-by-step task prescription characteristic of Taylorism 

[15], we expect a paradigm shift in the use of systems that incorporate generative and agentic AI. Within the delegation 

paradigm, the system can pull the user back into the loop, or the users can decide by themselves to intervene [10]. 

2 BASIC CHARACTERISTICS OF DELEGATION INTERACTION  

We introduce “Delegation Interaction” as an interaction paradigm that focuses on creating interactions with systems that 

have a degree of autonomy.  

Definition: Delegation Interaction represents a paradigm that enables users to specify what a system should achieve by 

defining tasks that are delegated to the system. The interface also enables the user to articulate goals of this delegation and 

why they are relevant. It additionally provides means for monitoring progress and results and offers mechanisms for mean-

ingful interventions. 

With delegation interaction we move beyond the how of the task execution as implemented when following a direct 

manipulation interaction paradigm (e.g. GUIs) or in dialog based interfaces. This interaction paradigm allows the user to 

describe the what and why. It gives opportunities to interactively refine and narrow down the delegators’ requirements and 

the constraints to be considered.  

Key Human Roles and types of systems in the context of delegation interaction 

Fig. 1 describes the context of delegation interaction. With the delegation interaction in the center of the system, domain 

experts can  

a. provide and refine the description of the task by goals and the desired outcomes, and 

b. supervise the task execution and possibly intervene into it. 

These domain experts are the members of a delegator team who conduct the delegation interaction collaboratively. The 

result of the delegation interaction is a delegatee system that is not directly developed by the delegator team but by an AI-

based system called delegation system that can be represented by agentic AI. This system eventually develops (and later 

on controls) the delegatee system based on the support of the delegation interaction. 

The delegatee system comprises the AI-based functionality to execute the delegated tasks. During execution, usually 

interaction takes place with the clients of the company which delegates the task and employs the delegator team. This 

interaction with the clients is provided by the delegatee system to clarify the facts needed to complete the task etc. Under 

certain conditions ––depending on the decision of the delegatee system or the delegator team–– the clients’ interaction 

with the delegatee system can be temporally replaced by direct collaboration between the client and the delegator team. 

This collaboration is supported by the delegatee system, e.g. by providing the appropriate communication channel. To 

ensure oversight, Fig. 1 suggests considering agentic AI as a delegation system. It is prepared by delegators who have the 

domain-specific knowledge necessary for proper task delegation and monitoring of task execution to ensure quality. 

To develop the delegatee system and enable delegation interaction, the delegation system is needed. It is developed by 

a developer team. The development of the delegation system can be initiated by the company that employs the delegator 

team, or by a software development house that wants to cover the needs of a certain domain. After its development, the 

delegator team can employ the delegation system to conduct the delegation interaction. The effects of the delegation 



interaction can be partially controlled by the developer team. The extent of this control depends on the decisions of the 

delegators. They collaborate with the developer team to complete the delegation. This collaboration comprises the custom-

ization of the delegation system that needs to meet the conditions of the application domain. The collaboration between 

these teams is supported by the delegation system.  

Figure 1: Roles and delegation interaction 

The control of the delegatee system during its task execution is conducted by the delegator team ––mainly by supervi-

sion and intervention–– through the delegation system. As a design rationale, it is important that the control features are 

provided by the delegation system ––and not by the delegatee syste––, since the features of the delegation system are 

developed by human decision making while the delegatee system is widely developed by agentic AI itself Thus, the dele-

gation system is the central instance to support human oversight and autonomy during the whole process of delegating and 

running tasks. 

The concept of delegation and the differentiation between the roles delegator and delegatee are taken from the literature 

on management strategies [14], [16], [17]. This literature emphasizes the idea that by providing objectives, requirements 

and criteria for task execution, the manager relies on the delegatees’ capabilities instead of describing all the steps of task 

execution. This management strategy also includes the transfer of responsibility to the delegatee – here we suggest that the 

possibilities for transfer are limited, as the ultimate responsibility must remain with the human side. 

3. CORE COMPONENTS FOR INTERACTING WITH THE DELEGATION SYSTEM

To describe the possibilities of delegation interaction and the features of the delegation system in more detail, we propose 

six components. Three of them mainly support the task delegation ––i.e. the development of the delegatee system–– before 

it is used. These components deal with task definition and description (1), contextual embedding (2), and testing and 

refinement (3). The other components are relevant for oversight and maintaining autonomy during the execution of the 

delegated tasks: pulling the human in the loop (4), continuous quality evaluation (5), and AI-based self-adaptation (6). The 



 

component for quality evaluation also supports the testing of the delegatee system and triggers iterative cycles between re-

design and usage of the delegatee system. 

Human-Centered AI (HCAI) and AI-governance provide a series of principles to be taken into account when specifying 

the six components: These are mainly transparency and explainability of AI (XAI), human autonomy, safety and reliability, 

accountability, benefits and well-being, fairness, privacy, and variability. We expect that by following a delegation inter-

action for approach agentic AI, these requirements are easier to achieve than with traditional interaction paradigms. 

1) Support for Task Definition and Task Description With GenAI, natural language dialogues and all kind of mate-

rial can be used to specify goals [18], requirements [19] and constraints that describe tasks to be executed. Agentic AI 

helps to decompose high-level goals into appropriate subtasks [20]. The delegation system supports the delegators to detect 

and eliminate ambiguities of requirements, to specify criteria for measuring the progress of task execution, and to define 

guardrails for the delegatee system. 

2) Embedding into the Context of the Task Domain The delegation system helps to specify information to be derived 

from the tasks’ context. This can be incoming emails, updates of websites, webcams, sensor data, or more general factors 

such as holiday seasons, etc. Eventually, the delegatee system needs to be able to identify triggers that initiate specific 

behaviors as it is the case with implicit interaction [21]. The delegation system provides interfaces to connect the delegatee 

system with other applications. Agentic AI contributes to identifying the tools to be used [2]. 

3) Support for Testing to Drive Task Refinement A pilot testing is recommended for agentic AI solutions [4].With 

testing, the delegators can check how far a task description is complete and whether task execution provides intended 

results. The delegation system can provide a plan [22] of the process of task handling. Explainability [23] helps to under-

stand how the plan is derived. Combined with testing, the plan helps to refine the way of task execution step-by-step. The 

plan also mirrors ––as a socio-technical self-description–– the collaboration between the involved roles (see Fig. 1). 

4) Mechanisms for Pulling the Human in the Loop The delegators are not software but domain experts. Thus, the 

task delegation will not be perfect since some requirements or situational exceptions will not be anticipated from the very 

beginning. Therefore, humans need to stay in the loop to exercise oversight [24]. Research on Agentic AI discusses various 

approaches of maintaining AI governance and oversight [25].This includes supervision of task processing (based on aware-

ness mechanisms) and ––if necessary––  intervention in task processing and thus its completion. Delegators can specify at 

which points they should be informed and triggered to check how the delegatee system performs. Agentic AI should have 

internal criteria to recognize situations when humans’ attention should be involved. For the purpose of influencing task 

execution, the delegator team (see Fig. 1) should be able to intervene. Interventions have the following characteristics [10], 

[26]: They occur only exceptionally are not planned in advance; can be quickly initiated and their effect can be easily 

revised. They allow a time-limited phase of fine-grained interaction with or adaptation of the system.  

5) Support for Continuous Quality Evaluation of Task Handling The delegatee system will be continuously evalu-

ated by measuring the progress of task handling ––e.g., the length of dialogues, number of requests for consultation, etc. 

Combining the plan of task execution with continuous assessment can support people’s reflection on the system’s quality. 

From a socio-technical perspective, organizational practices will have to be established that make this kind of reflection a 

standard routine. Agentic AI provides reasoning capabilities for self-reflection [20], together with humans. 

6) AI-based Self-adaptation of AI-driven Task Handling AI can derive measures from the evaluation for customiz-

ing the system. Self-adaptation and learning of the involved AI-system is based on pre-specified criteria in relation to the 

measuring during evaluation, can take place. The delegatee system ––in connection with the underlying delegation system–

– must be able to learn from its faults during task handling or from missing the specified goals, or from violating constraints. 

Agentic AI has the history of its task execution available and pursues a continuous adaptation [25].  



 

4. CONCLUSIVE REMARKS 

We have defined delegation interaction as a new paradigm that supports users to have agentic AI execute their tasks by 

describing the goals, requirements, criteria and constraints that characterize the tasks. The users of delegation interaction 

act as delegators who use a delegation system to make a delegatee system run the tasks. This paradigm shift will be ac-

companied by future advancements such as: 

• The takeover of tasks by IT is no longer a question of human programming – which could have been supported by 

GenAI – but programming is simply omitted. 

• Input for task delegation can mainly be based on natural language and accompanying material, such as records of 

concrete task handling, other examples of similar tasks that are already delegated etc. 

The advantages seem to be apparent: routine tasks can easily and efficiently be delegated. Communication between 

domain experts and software developers is critical in the specification of traditional software systems. However, with 

delegation interaction we expect that this gap between domain experts and software engineers and the communication 

issues between these two sides will become increasingly irrelevant, in particular with the advancement of agentic AI. 

However, the risks are also obvious: all the problems discussed about lacking reliability, biases, intransparency etc. are 

highly relevant if expertise for designing IT-support is not systematically included. Thus, it is important to understand that 

the delegation of a certain task will not achieve sufficient quality through a single act of delegation interaction. Just telling 

agentic AI what one wants to have and then letting it go is a risky simplification ––a kind of delegation in the wild––, since 

there is no checking in advance nor during task execution whether the task description is appropriate. Thus, we suggest 

employing agentic AI through systematically designed delegation systems to provide the users (consequently the delega-

tors) with guard rails and enable them to exercise oversight and autonomy through supervision and intervention. 

Agentic AI can be designed to refine the plan ––together with a human supervisor–– of how it proceeds during task 

execution. An ongoing socio-technical process of continuous refinement, quality evaluation and customization of the del-

egatee system is needed. The delegators, developers of the delegation system and clients, and their collaboration need be 

supported by the delegation system. A basis for evaluation and refinement is to provide a plan of how the task is executed. 

This plan is fed back to the involved stakeholders and can be considered as a self-description for the socio-technical process 

of task handling and collaboration. Thus, the relevance of the six core components described in the previous section should 

be considered in every case of implementing agentic AI.  

To understand the risks of delegation interaction, it is important to assess the level of knowledge people who delegate 

have. If people who delegate a task know exactly how to perform it by themselves and what output they expect and what 

potential pitfalls they need to consider, delegation is much safer and easier than for people who have no clue about how to 

carry out the task themselves. With delegation interaction we believe that domain experts can be empowered to hand over 

tasks to IT-systems without them having to be able to program. They have domain expertise and know exactly what an 

appropriate task completion looks like and how task fulfillment can be monitored – e.g. by using indicators to measure 

whether progress is sufficient. Delegating tasks by domain experts, who know how these tasks are executed by humans, is 

also an act of documenting the current practice of running tasks and demonstrating typical ways of their execution. This is 

especially possible if the delegation system feeds back the plan of how it will run the task. Applying agentic AI-driven task 

delegation for many cases implies that we will have a corpus of examples for the future demonstrating the practice of task 

execution where human domain experts have been involved. 

The main efforts to mitigate the risks of delegation interaction and bring it into compliance with the ethical guidelines 

and principles of HCAI are to further research how intervention user interfaces effectively support the exercising of super-

vision and how organizational practices ensure that oversight is actually conducted. 
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